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Abstract: To improve the efficiency of null space based algorithm, a new fast implementation of
null space based algorithm (FINBSA) is presented. FINBSA is carried out without any eigen-de-
composition computing and singular value decomposition, by only one step of orthogonal-triangu-
lar(QR) decomposition to obtain the optimal projection matrix. Thus the computational complex-
ity of this algorithm gets much lower than that of the other null space based ones. The experi-
ments on PIE face database demonstrate that the recognition accuracy of FINBSA is equivalent to
the other null space based algorithms, but FINBSA is more efficient especially for large size of
training samples,and the running period of FINBSA is over 100% lower than that of the other ex-
isting null space based algorithms.
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